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y, meat-based dishes contribute more calories from their carbohydrate content than do other Burger King foods. But we can’t account for the kind of difference we see here by just including an in

riable in a regression. It isn’t just the height of the lines that is different; they have entirely different slopes. How can we deal with that in our regression model? The trick is to adjust the slopes wit

constructed variable. This one is the product of an indicator for one group and the predictor variable. The coefficient of this constructed interaction term in a multiple regression gives an adjustme

ope, b1, to be made for the individuals in the indicated group.4 Here we have the indicator variable meat, which is 1 for meat-containing foods and 0 for the others. We then construct an intera

ble, carbs meat, which is just the product of those two variables. That’s right; just multiply them. The resulting variable has the value of carbs for foods containing meat (those coded 1 in the mea

 and the value 0 for the others. By including the interaction variable in the model, we can adjust the slope of the line fit to the meat-containing foods. Clearly, meat-based dishes contribute more ca
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 New and improved pedagogical tools:  A new section head list at the beginning 
of each chapter provides a road map. Section heads within each chapter are 
numbered and reworded to be clear and specifi c. Chapter study materials 
now include Learning Objectives as well as terms. Students who understand 
the objectives and know the terms are well on their way to being ready for 
any tests.  We have added single-concept exercises identifi ed with each major 
section of each chapter to help assess students’ knowledge of the chapter’s 
basic concepts.

 Streamlined design: Our goal has always been an accessible text.  This edition 
sports an entirely new design that clarifi es the purpose of each text element. 
The major theme of each chapter is more linear and easier to follow   
without distraction. Essential supporting material is clearly boxed and shaded, 
so students know where to focus their study efforts. Enriching—and often   
entertaining—side material is boxed, but not shaded.

 Streamlined content: Our reorganization has shortened the book from 33 to 
30 chapters. Each chapter is still a focused discussion, and most can be taught 
in one lesson. The authors have combined topics that are conceptually similar 
and reduced time spent on secondary topics. We’ve grouped important    
concepts, often in new presentation orders. The result is a more readable text.

 Exercises: We have updated many of the exercises that use real-world data,     
retired some that were getting old, and added new exercises. As in the     
previous edition, over 100 exercises feature Canadian content and data with 
up-to-date references to Aboriginal peoples, sports, health care, education, the 
environment, and other social and political issues.

 Content changes: 
a. Chapter 1 now gets down to business immediately rather than just     

providing an introduction to the book’s features.
b. The discussion of Randomness is now in Chapter 9—two chapters     

earlier than the previous edition.
c. The discussions of probability and random variables are tighter—and a 

chapter shorter.

Features
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 Where Are We Going? Each chapter starts with a paragraph that points out the 
kinds of questions students will learn how to answer in the chapter. A new 
chapter outline helps organize major topics for the students.

 Each chapter ends with a What Have We Learned? summary, which includes 
new learning objectives and defi nitions of terms introduced in the chapter. 
Students can think of these as study guides.

 In each chapter, our innovative What Can Go Wrong? sections highlight the 
most common errors that people make and the misconceptions they have 
about Statistics. One of our goals is to arm students with the tools to    
detect statistical errors and to offer practice in debunking misuses of    
statistics, whether intentional or not.

 Margin and in-text boxed notes. Throughout each chapter, boxed margin and 
in-text notes enhance and enrich the text. Boxes with essential information 
are screened. Conversational notes that enhance the text and entertain the 
reader are unscreened. 

 By Hand. Even though we encourage the use of technology to calculate    
statistical quantities, we realize the pedagogical benefi ts of occasionally doing 
a calculation by hand. The By Hand boxes break apart the calculation of many 
simpler formulas to help the student through the calculation of a worked 
example.

 Reality Check. We regularly remind students that Statistics is about    
understanding the world with data. Results that make no sense are probably 
wrong, no matter how carefully we think we did the calculations. Mistakes are 
often easy to spot with a little thought, so we ask students to stop for a    
reality check before interpreting their result. 

 Notation Alert. Throughout this book, we emphasize the importance of clear 
communication, and proper notation is part of the vocabulary of Statistics. 
We’ve found that it helps students when we are clear about the letters and 
symbols statisticians use to mean very specifi c things, so we’ve included     
Notation Alerts whenever we introduce a special notation that students will 
see again.

 Connections. Each chapter has a Connections feature to link key terms and 
concepts with previous discussions and to point out the continuing themes. 
Connections help students fi t newly learned concepts into a growing under-
standing of Statistics.

Enhancing 
Understanding
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